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Recap

* For the last couple of days we've been looking at how to

analyse Twitter data using network analysis tools.

« We'll continue with that in an R class session later. Today
we'll take a brief look at how 1o combine text analysis with

network analysis.



Your Final Assignment

« On Monday, you began outlining your final assignment for this class:
a small individual project in which you'll analyse some social media
data of your choice using the network analysis approaches
discussed in this module.

* You identified the data you intend to use, which means you should
also have a relatively clear idea of your research question.



Final Assignment Details

« For your final assignment, you will submit a short research paper,
along with the code and data used for the project.

* The paper only needs to be a few pages long, but it should be
structured like a full research paper:
* Infroduction (research question)
 Methodology
» Results

« Conclusions



Research Project Details

* You are free to use any social media data you wish and apply
any research method you wish.

* You're not limited to the methods we studied in class; you should of
course carry out a network analysis, but you may also use methods you

have learned elsewhere alongside this.

 Make sure you provide a clear visualisation of the network that

supports and illustrates the points you make in the paper.



Assignment Timeline

» This Week (by Friday, Nov 11):

« Begin working on scraping / downloading the data you need for your project and write a

short report (a couple of paragraphs) indicating your progress, any problems you have
encountered, and any changes / updates to your research plan.

« Next Week (Monday / Tuesday):

« Prepare a presentation of your full research plan, outlining briefly your question and
hypothesis, and the research method you plan to use.

« Each student will present this research plan in-class on Tuesday. Your presentation should
fully explain what you intend to do and why. Slides are not required but you may prepare
some if you prefer. (Students who cannot attend class may submit a written plan instead.)




Node Similarity




Node Similarity

« SO far, we've analysed networks in which the edges

represented interactions between two nodes — retweets,

friendships, shared scenes in a TV show, efc.

« However, it's also possible for edges to represent similarity

between two nodes.



Twitter User Similarity Measures

e For example:

* [ you download the Friend list of some Twitter users (all the

people they follow), you can calculate the overlap between

those friend lists fo find a measurement of similarity.

* This Is usually calculated on a pairwise basis as the Jaccard

Index of the two users.



Jaccard Index

 The Jaccard Index is the
Intersection over the Union

of two sets.

« When inverted (1/n), itis

called the Jaccard

Distance between two sets.




Why is this useful?

« Calculating the pairwise similarity of nodes allows us to group
Twitter users tfogether according to how similar their social

media environment is.

 Users with high Jaccard Indices will have more similar
InNformation exposure.

* This is of course self-selected:; users’ Jaccard Indices are a

measure of how similar their following choices on Twitter were.




An example...

I've mentioned this project before: here are some slides
and results from the study of social polarisation on Twitter
which | published (with my co-author Stefano Camatairri) as
a chapter of the book Value Politics in Japan and Europe

last year.






Cases in the Initial Study

_IEEE_
i 20m

$51 170 $50,760 $41,430 $43,490

32.9 27 .4 35.9 32.8

Existing No Yes: Yes: No

Cleavage? Socio-cultural Economic
cleavage cleavage
between Dutch- between
and French- industrial/wealthy
speaking north and
populations. agricultural/less

developed south.

Language(s) English Dutch, French Italian Japanese
(Irish minority)



Method

» Scrape Twitter followers of every politician. Randomly
sample 10,000 users who follow at least five of them.

* Assign a political leaning based on which party they
follow most. Scrape the list of other accounts which they

also follow.

» Calculate Jaccard Index of party followers’ non-political
following lists to calculate spatial distance (network
edges).



Ireland Belgium

== High Similarity (3.64 - 7.24)
= = » Medium Similarity (1.78 - 3.64)
Low Similarity (0.78 - 1.78)

== High Similarity (3.27 - 3.68)
= = » Medium Similarity (2.72 - 3.27)
Low Similarity (2.45 - 2.72)
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Japan

mmmm High Similarity (3.17 - 4.84)
= =« Medium Similarity (2.43 - 3.17)
Low Similarity (1.75 - 2.43)

Minor Centre

mm High Similarity (6.16 - 7.59)
= = » Medium Similarity (5.15 - 6.16)

Low Similarity (3.86 - 5.15)
‘Fratelli

Forza

‘ Lege;.Nord

Minor Left



* Ireland and Japan - both
countries with no theorized
existing cleavage — show low
levels of non-political
polarization.

« Belgium's polarization was the
highest, especially between VB
and the French Parties.

* In comparative context, the gap
between VB and other Flemish
parties turns out to be very minor.

 In faly, Lega Nord is strongly
polarized from other parties.

Italy:
Minor Left Parties vs. Core Party Cluster
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Belgium:
Vlaams Belang vs. French Party Group




